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Abstract To solve the canputational dem ands of spectral clustering approach when applied to SAR in age segmentation, a
multiscale m ethod is proposed. It consists of three steps i e. coarsening mitial segm entation and refining. F irst a sequence
of smaller graphs each w ith few er vertices is constructed fran the SAR i age. Second spectral clustering is applied on the
sn allest graph to obtain mitial segnentation. Third the mitial segnentation is refined scale by scale to get the final
segn entation of the SAR mage based on the posterior probability of classification which is estimated by the m kture
model Fally experimental results dan onstrate the effectiveness of the proposed m ethod.
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Fig. 1 Overview of the multiscale m ethod
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Fig. 4 The segmentation results of synthetic noisy image using sample-based Normalized Cut method and the proposed method
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Fig. 5 The segmentation results of amplitude SAR image using sample-based Normalized Cut method and the proposed method
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